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Mortgage lending discrimination in Boston (I)
Paper: Munnell et al. (1996) American Economic Review.
Question: Two people, identical but for their race, walk into a bank and apply
for a mortgage, a large loan so that each can buy an identical house. Are they
both equally likely to have their mortgage application accepted?
By law they must receive identical treatment. But whether or not they do is a
matter of great concern among bank regulators.
Data: Collected by the Federal Reserve Bank of Boston combining information
on mortgage lending decisions as well as other characteristics of the applicant.
For instance, average denial rate is 9% for white applicants and 28% for black
applicants (i.e. 19 pp. higher).

1 / 21

Mortgage lending discrimination in Boston (II)
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Mortgage lending discrimination in Boston (III)

Model:
Di = β0 + x0i γ + β1 Racei + i
where i indexes individuals.
Di takes the value 1 if the mortgage application is denied and 0 otherwise.
xi is a vector of loan and individual characteristics.
Racei takes the value 1 if the applicant is black or Hispanic and 0 otherwise.
Of course, one can also estimate a probit:
E(Di |xi , Racei ) = Φ (β0 + x0i γ + β1 Racei )
Hypothesis to be tested: β1 > 0. There is evidence of discrimination.
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Mortgage lending discrimination in Boston (IV)
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Mortgage lending discrimination in Boston (V)

5 / 21

Mortgage lending discrimination in Boston (VI)
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Mortgage lending discrimination in Boston (VII)

Minorities are more than twice as likely to be denied a mortgage as whites.
Yet variables correlated with both race and creditworthiness are omitted from
this comparison.
The Federal Reserve Bank of Boston collected additional variables important to
the mortgage lending decision and found that race continued to play an
important, though significantly diminished, role in the decision to grant a
mortgage.
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Beauty and the labor market (I)

Paper: Hamermesh and Biddle (1994) American Economic Review.
Question: Do more handsome people earn higher wages?
Data: household surveys for the US and Canada, which provide data on looks
and earnings.
Those two surveys contain interviewers assessments of the looks of the respondent,
grouped into 5 categories.

Model:
log(wage)i = γ0 Ui + γ1 Hi + x0i β + ui
where Ui takes value 1 if individual i is ugly and Hi takes the value 1 if the
individual is handsome. xi is a vector of other variables including experience,
health status, union membership, race, marital status, schooling, tenure, city,
and other physical characteristics.
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Beauty and the labor market (II)
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Beauty and the labor market (III)

Below average respondents (in terms of looks) earn 10-16% less (earnings are in
logs). Moreover, the effects are significantly different from zero. In comparison,
above average individuals are paid slightly more, but the effects are not signicant.
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Beauty and the labor market (IV)

The evidence in each sample alone is suggestive but not very strong. When the
three samples are combined, sample sizes become sufficient to make some fairly
clear inferences about the role of beauty in the labor market.
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Beauty and the labor market (V)
Understanding the sources of these differences.
Model:
log(wage)i = x0i β1 + β2U Ui + β2H Hi + β3 OCCi + β4U Ui OCCi + β4H Hi OCCi + i
where OCCi takes value 1 if the worker’s occupation has been identified as one
where looks are productive.
Hypotheses:
H1: β4 6= 0, β2 = β3 = 0 implies productivity differences.
H2: β2 6= 0, β3 = β4 = 0 implies employer discrimination.
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Beauty and the labor market (VI)
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Beauty and the labor market (VII)

The effects of an individual’s own looks on his or her earnings are very robust.
Other things equal, wages of people with below-average looks are lower than
those of average-looking workers; and there is a premium in wages for
good-looking people that is smaller than this penalty.
That there are earnings premia and penalties for looks independent of
occupation suggest that employer discrimination on the basis of looks may lie
behind those premia and penalties.
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Unexpected benefits of the geography (I)

Paper: Nunn and Puga (2010) Review of Economics and Statistics.
Question: are rugged regions in Africa poorer or richer than other regions?
Ruggedness typically has negative effects on economic development because they
are more difficult to cultivate, imply higher transportation costs, etc...
At the same time, in the context of African development, ruggedness may have
made slave trade more difficult, thereby affecting those regions in a positive way.

Data:
Ruggedness is calculated using geological data.
Income data is at the country level.
Data on slave exports was constructed by the authors using historical sources.
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Unexpected benefits of the geography (II)
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Unexpected benefits of the geography (III)

Model:
yi

= β0 + β1 ri + β2 ri IiAf + β3 IiAf + i

yi

= β6 + β7 ri + β8 ri IiAf + β9 IiAf + β10 xi + ηi

xi

= β11 + β12 ri + ξi

where i indexes countries.
yi is income per capita.
ri is the measure of ruggedness.
IiAf is an indicator variable that equals 1 if i is in Africa and 0 otherwise.
xi denotes slave exports.
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Unexpected benefits of the geography (IV)

Model:
yi

= β0 + β1 ri + β2 ri IiAf + β3 IiAf + i

yi

= β6 + β7 ri + β8 ri IiAf + β9 IiAf + β10 xi + ηi

xi

= β11 + β12 ri + ξi

Hypotheses:
H1: β2 > 0. In Africa, ruggedness has an additional positive effect on income.
H2: β12 < 0. Ruggedness negatively affects slave exports.
H3: β10 < 0. Slave exports negatively affect income.
H4: β8 = 0. Once slave exports are taken into account, the effect of ruggedness is
no different in Africa.
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Unexpected benefits of the geography (V)

Observe that the effect is negative in the rest of the world, but positive (and
significant) in Africa. Evidence in favor of β2 > 0.
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Unexpected benefits of the geography (VI)
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Unexpected benefits of the geography (VII)

The effect of ruggedness on income is negative in the rest of the world, but
positive (and significant) in Africa. (H1: β2 > 0).
The effect of ruggedness on slave exports for African countries is negative and
significant (H2: β12 < 0).
The effect of slave exports on income is negative and significant (H3: β10 < 0).
Once slave exports are taken into account, the effect of ruggedness is no
different in Africa (H4: β8 = 0).
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